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Abstract

The use of predictive technologies in policing practice is increasingly the subject of
legal and ethical debates. This paper explores the phenomenon of predictive policing—a
model that, through algorithms and the analysis of large datasets, forecasts locations,
times, and potential perpetrators of criminal acts. Although this approach is presented as
a tool for more effective crime prevention, it raises serious concerns regarding the rule of
law, the protection of human rights, and the principles of due process. Particular attention
is given to the emergence of digital profiling, that is, the selective and potentially
discriminatory treatment of citizens based on algorithmic predictions. The paper critically
analyses the risks these systems pose to the right to privacy, the presumption of innocence,
and equal access to justice. Through a comparative legal review of case law, the authors
highlight the need to introduce mechanisms of transparency, human oversight over
algorithms, and institutional accountability. The conclusion emphasises that predictive
policing can only be acceptable if it develops within a framework that consistently protects
the fundamental rights and freedoms of individuals.
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HNPEJUKTUBHO NOJIUINJCKO ITIOCTYIIAIBE "
BJIAJABUHA TTIPABA: PU3UIUA JUT' U TAJTHOI'
MMPOPUINCAIBA Y IPUMEHU 3AKOHA

Arncrpakr

Ynotpeba mpeIMKTHBHUX TEXHOIOTH]a Y TIOJMIMjCKO] MPAKCH CBE BUILIE ITOCTaje pe-
MeT MpaBHUX M eTHUKKX pacrpasa. OBaj pag uctpaxyje GEeHOMEeH MPESANKTHBHOT MOJTHILIH]-
CKOT TIOCTYTIarbha — MOJIeJIa KOjH ITyTeM aJrOpUTaMa 1 aHaJIM3a BEJIMKMX CKyTOBa M0J[aTaka
npensuha MecTa, BpeMe M MOTEHLUjaJIHE YIUHUOLE KPUBIYHUX Jena. Mako ce oBaj mpu-
CTYII TIPE/ICTaB/ba Ka0 MHCTPYMEHT e(HKaCHHUje NPEBEHIMje KPIMHUHAINTETa, OH OTBapa
030WJbHA IIUTaRka y TIOTJIe/ly BlaJJaBUHE TIPaBa, 3aIUTUTE JbYACKNX IPaBa U IMPUHIUIIA Ipa-
BUYHOT MocTymka. [loceOHa maka mocBehieHa je TojaBu JUTUTATHOT MPOQUITHCaba, O
HOCHO CEJICKTHBHOT M INOTEHIMjaJIHO AUCKPHMHHATOPHOI TpeTMaHa Ipal)aHa Ha OCHOBY
QITOPUTAMCKUX NPEIUKIHja. Pax KpUTHYKY aHANTM3Hpa PU3HKE KOje OBaKBH CHCTEMH Hpei-
CTaBJbajy MO MPaBO HA MPUBATHOCT, MPETIOCTABKY HEBUHOCTH M PABHOIPABAH MPHCTYII
npasau. Kpo3 yropeqHonpasHy npersie] CyIcKe MpaKce ayTopH yKa3yjy Ha HoTpeOy yBo-
hema MexaHH3aMa TPaHCTIAPEHTHOCTH, JbYICKE KOHTPOJIE HaJl AJITOPUTMHUMA U MHCTHTY LU~
OHAJIHE OJIrOBOPHOCTH. 3aKJby4yje ce Ja MPEIUKTUBHO IOJHIH]CKO NOCTYHamhe MOXKe OUTH
MPHUXBATIEHBO CaMO YKOJIMKO CE pa3BHja y OKBHPY CHCTeMa KOjH JOCJIETHO IITUTH OCHOBHA
npaBa 1 ciobojie MojearHara.

KbyyHe peun: TpeIUKTUBHO MOJMIH]CKO ITOCTYIAKE, IUTHTATHO MPOUITICAHE,
BJIAJJaBUHA IPaBa, aTOPUTAMCKa JUCKPUMUHALIH], JbYy ICKa IIPaBa.

INTRODUCTION

With the development of modern technologies based on the processing
of large amounts of data and artificial intelligence, policing has undergone
significant transformation. Predictive policing, which involves the use of
algorithms and data analysis with the aim of forecasting where criminal
offences are likely to occur or who might commit them, represents one of
the forms of this transformation. Although it can produce positive results,
this model raises serious controversies reflected in legal, ethical, and social
concerns. Therefore, the question is rightly posed whether predictive policing
is compatible with the rule of law and whether its use undermines human
rights. As the answer to this question is not simple due to the existence of
numerous dilemmas, it is necessary to pay attention to all uncertainties in order
to clarify issues related to the use of predictive policing.

Relying on the positions taken by international courts, as well as
comparative solutions, this paper seeks to provide answers to the existing
dilemmas, accompanied by a critical overview in order to determine whether
predictive policing represents merely one of the tools used by law enforcement
authorities to enhance efficiency in combating crime, or a tool that undermines
the existing system of human rights protection. If this paper resolves any of the
existing dilemmas, it will contribute both to reducing crime in the future and
to ensuring the simultaneous protection of human rights.
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THE CONCEPT AND TECHNICAL BASIS
OF PREDICTIVE POLICING

In order to properly assess the risks of predictive policing, it is first
necessary to determine what is meant by such policing. Predictive policing
refers to the collection of data from various sources, its analysis, and the
subsequent use of the results to predict, prevent, and more effectively re-
spond to future crimes. In other words, the work of law enforcement shifts
from focusing on what has happened to focusing on what will happen,
thereby enabling the police to prevent crime. This shift in focus presup-
poses the use of specialised artificial intelligence or analytical software to
predict the likelihood of criminal offences being committed. It is important
to emphasise that predictive policing should not replace any other model
of police work; rather, it should enable the police to perform their duties
more effectively (Pearsall, 2010, pp. 16-17).

It is interesting to mention the view of George Gascon, the Chief of
Police in San Francisco, who stated that with “predictive policing, we have
the tools to place officers in the right place at the right time or to engage
other services to influence crime, and we can do this at lower cost”
(Pearsall, 2010, p. 17). Based on this, one may conclude that one of the
most prominent characteristics of predictive policing is its ability to predict
future behaviour on the basis of past data (Spencer, 2015, p. 493).

A reasonable question arises as to how this is possible. The answer
is simple — through the use of artificial intelligence. Regardless of which
crime-prediction software is used, its operation involves five stages. Spe-
cifically, the predictive policing model consists of phases such as: data col-
lection, data analysis, police operations, criminal justice response, and re-
turning to data collection (Bennett Moses, Chan, 2018, pp. 807-809).

The form of artificial intelligence used for crime prediction is so-
called deep learning. This form of artificial intelligence represents a spe-
cialised type of machine learning in which it imitates the functioning of the
human brain in processing data and creating patterns for use in decision-
making. By using hierarchically structured artificial neural networks for
the machine-learning process, deep learning functions in a manner similar
to the human brain. In deep learning, the learning process is carried out
autonomously, meaning that the system is provided with raw data and a
task to perform—such as classification—and it learns how to accomplish
this on its own, automatically performing feature extraction and modelling
steps. Programmers have identified certain issues, such as open-ended rea-
soning based on common sense and the acquisition of biases. However, it
should be noted that efforts are being made to eliminate the identified short-
comings (Dimovski, Gruji¢, 2024, p. 75).

Predictive policing may rely on two approaches. One is known as
the location-based approach, while the other is known as the person-based
approach. In cases where predictive policing is based on the location-based
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approach, predictive policing programs focus on a single goal: deploying
police officers to the right place at the right time (Spasi¢, Butorac, 2020, p.
321). In other words, this approach is grounded in specific geographic areas
for which data on previously committed criminal offences are analysed,
resulting in the mapping of so-called hot spot zones. These zones are gen-
erated through the use of statistical and algorithmic models, among which
PredPol is particularly notable. Predictive Policing software (PredPol), de-
veloped through cooperation between the Los Angeles Police Department
(LAPD) and the University of California in Los Angeles, uses algorithms
to predict where a crime is likely to occur. Based on the so-called near-
repeat effect—where the commission of a crime in a particular area tends to
lead to an increase in the commission of similar offences in that area—
PredPol has been used as a tool for predicting vehicle theft and theft from
vehicles by displaying predictions as areas measuring 500 x 500 square feet
in which there is a significantly higher risk of repeated criminal activity'.

A reasonable question arises regarding the effectiveness of PredPol
in crime prevention. In this respect, it is sufficient to note that Los Angeles
and Santa Cruz recorded a reduction in crime of between 12% and 25% in
burglaries and automobile thefts compared to the previous year.? It is also
interesting to mention a study related to celebratory gunfire in Richmond,
Virginia. Each New Year’s Eve, a significant increase in random gunfire
was recorded. Consequently, the local police began analysing the data and
drew certain conclusions, which resulted in the police department deploy-
ing officers to pre-selected locations on New Year’s Eve in 2003 in order
to prevent crime and respond more quickly. This approach led to a 47%
reduction in random gunfire and a 246% increase in seized weapons, while
saving approximately $15,000 in personnel costs (Pearsall, 2010).

On the other hand, predictive policing is also used through the per-
son-based approach, which focuses on individuals or groups who, accord-
ing to the algorithm, are identified as high-risk for committing criminal
offences or for victimisation. In addition to the fundamental difference be-
tween the two approaches, it should be emphasised that location-based pre-
dictive policing is typically used to forecast property crime, whereas per-
son-based predictive policing is more commonly applied to the prediction
of violent crime. The underlying premise of person-based predictive polic-
ing rests on the idea that violent crime is committed by a relatively small
group of individuals. Therefore, concentrating law enforcement resources
on specific individuals who are at the highest risk of committing a violent
offence or becoming victims of violent crime should reduce the overall

! Retrieved: 21. July 2025, from: https://www.publicethics.org/post/what-s-wrong-with-
predictive-policing

2 Retrieved: 21. July 2025, from: https:/www.prnewswire.com/news-releases/predpols-
innovative-predictive-policing-software-results-in-dramatic-crime-reduction-
227802601.html?utm
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volume of violent crime. An individual may be identified as high-risk on
the basis of previous criminal reports, frequency of contact with the police,
place of residence, school discipline, and associations with other (poten-
tially) delinquent individuals (Brayne, 2018, p. 297).

The development of the criteria used to classify an individual as
high-risk originated from an initiative of the National Institute of Justice
(NIJ). In 2009, the N1J issued a call for proposals to award several million
U.S. dollars to police departments capable of developing a predictive po-
licing program. The largest sum was awarded to Chicago, which was di-
rected toward the development of a model called Party to Violence (PTV).
This model indicated the likelihood that an individual would be either a
victim or a perpetrator in a shooting. Soon after, a new model called the
Heat List was developed through cooperation between the CPD’s Infor-
mation Services Division and engineers at the Illinois Institute of Technol-
ogy. Using an algorithm, this model assigned a risk score to every previ-
ously arrested individual, indicating the probability that they would be-
come involved in a shooting (Cheng, 2025, p.7).

Its practical application consisted of police officers visiting high-risk
individuals to warn them that they had been placed on the list. This process
of notifying specific individuals was termed custom notification.’ Regarding
effectiveness, according to newspaper reports, this approach did not prove
successful, and numerous controversies emerged concerning its use.*

RULE OF LAW AND DIGITAL PROFILING — AREAS OF CONFLICT

Several contentious issues have emerged among experts regarding
digital profiling and the rule of law. The most frequently cited issues in-
clude problems related to transparency, accountability, bias—particularly
automation bias—and ‘positive’ feedback loops. With respect to transpar-
ency, the central problem is that machine learning, as the fundamental op-
erational model of artificial intelligence used in predictive policing prac-
tices, is so complex that it is difficult for end users to understand. In other
words, the key issue is the problem of opacity, which refers to situations in
which input data is fed into the system, a result is produced at the output,
yet it remains impossible to explain what exactly occurred within the algo-
rithm to generate that result. In addition to the fact that artificial intelli-
gence is capable of collecting and processing enormous quantities of data,
it is also capable of learning while performing its functions, which further
complicates the question of transparency. This means that it becomes im-

3 Retrieved: 22. July 2025, from: https:/teamupturn.gitbooks.io/predictive-policing/content/
systems/chicago.html
4 Retrieved: 21. July 2025, from: https://www.bbc.com/news/technology-37154918
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possible to determine the reasoning behind a specific output. Opacity may
also result from programming designed for self-protection and for main-
taining competitive advantage. PredPol, as a program used in predictive
policing practices, is characterised by proprietary, secret algorithms. In this
regard, it is not incorrect to refer to machine-learning algorithms as ‘black
boxes,” alluding to the absence of transparency (Storbeck, 2022, pp. 10-11).

The next issue concerns accountability. Artificial intelligence, as a
highly complex system, requires the involvement of a large number of ex-
perts and organisations from various fields. This is especially true for arti-
ficial intelligence used in predictive policing. This leads us to a situation in
which it becomes impossible to clearly determine who is responsible for
harm or violations of fundamental rights arising from the use of artificial
intelligence in predictive policing practices, due to the so-called “problem
of many hands” (Storbeck, 2022, p. 11). It suffices to note that the success-
ful application of artificial intelligence in the work of law enforcement de-
pends on a wide range of actors—including programmers, vendors, police
administrations, and individual police officers—which further complicates
the establishment of responsibility. The existence of numerous involved
actors results in mutual accusations, with each pointing the finger at the
others. Internationally relevant documents concerning responsibility for
harm caused by inadequate use of artificial intelligence will be discussed
in the next section of the paper.

The third issue arising from the use of artificial intelligence in police
work is potential bias. Generally speaking, experts identify two sources of
bias in artificial intelligence systems. Algorithmic bias refers to the bias of
programmers, as they—despite good intentions—carry their own preju-
dices, particularly when it comes to white male programmers, and these
biases may be reflected in the algorithm. The second source of bias, known
as big-data bias, refers to bias contained within the data itself. It is possi-
ble—even when dealing with large quantities of data—that such data is not
representative, which directly undermines objectivity in police operations
(Storbeck, 2022, p. 11).

A related problem particularly affects women, because in the con-
text of predictive policing, so-called ‘gender-neutral’ risk assessments are
applied, which leads to an overestimation of the risk of reoffending among
female offenders. At the same time, the results generated by the use of ar-
tificial intelligence for crime prediction disproportionately target minority
groups. This directs police work toward those communities and the areas
in which they live, potentially causing additional problems and deepening
mistrust between state authorities and minority populations (Storbeck,
2022, p. 11). To illustrate these points, we may note that artificial intelli-
gence in Los Angeles, for example, recommended that police activities be
focused on areas that were disproportionately poorer and more Latino com-
pared to the city as a whole. At the same time, contemporary empirical
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studies confirm that algorithmic bias in predictive policing perpetuates his-
torical injustices through feedback loops, as surveillance of marginalised
communities (e.g., Black and Latino communities) is intensified. This sit-
uation persists even when the accuracy of predictions is low. In this way,
disproportionate targeting of poor and minority neighbourhoods occurs,
without any real reduction in crime, but rather with an increase in mistrust
and discrimination.> Even predictions concerning predominantly white
neighbourhoods in which Al forecasted increased criminal activity were
clustered in blocks inhabited almost exclusively by Latino residents. None-
theless, leaders of nongovernmental organisations—such as Thomas Saenz,
President and General Counsel of the Latino civil rights group MALDEF,
headquartered in Los Angeles—argued that policing in the city was already
burdened by bias (Dimovski, Gruji¢, 2024, p. 80).

From the problem of bias arises automation bias, which refers to the
tendency of involved professionals to rely uncritically on computer-gener-
ated outputs without any verification of the results, accompanied by a ten-
dency to place greater trust in Al-generated findings than in findings de-
rived from empirical research conducted directly by scholars. Under such
conditions, the effects of predictive policing may be questionable. At the
same time, ‘positive’ feedback loops may emerge, further exacerbating ex-
isting biases. To explain this in more detail: artificial intelligence may be
programmed to identify people of certain ages, races, or neighbourhoods
as potential criminals. This establishes a ‘positive’ feedback loop that in-
creases both operator bias and the bias of the Al system itself. As Al in-
structs police officers to concentrate their work on particular areas or indi-
viduals—thereby increasing the number of arrests—the algorithm ulti-
mately ‘learns’ that it was correct and that police activity should be further
directed toward those specific communities and individuals, regardless of
the actual crime rate. In other words, this initially leads to misdirected po-
lice priorities. Because feedback data ‘confirms’ the assumptions produced
by artificial intelligence—even when clear security shortcomings exist—
the algorithm learns that it is ‘accurate’ in associating individuals of par-
ticular racial, ethnic, and/or socioeconomic backgrounds with criminal be-
haviour, and will therefore rely on that association more heavily in future
predictions. This may result in individuals being wrongly characterised as
prone to criminality, inevitably accompanied by discrimination (Storbeck,
2022, p. 11). Recent studies confirm the existence of a feedback loop re-
sulting in intensified police activity in certain areas and toward members
of particular racial groups, whereby the algorithm is fed inaccurate data
based on biased arrest records. This further reinforces discrimination against
minority groups, even in cases where the predictions are inaccurate
(Arslan, 2025, p. 49).

3 Retrieved: 22. July 2025, from: https://themarkup.org/prediction-bias/2023/10/02/
predictive-policing-software-terrible-at-predicting-crimes
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LIABILITY FOR THE MISUSE OF ARTIFICIAL INTELLIGENCE

The previous section revealed numerous problems that may lead to
a range of undesirable consequences. It is sufficient to note that predictive
policing based on the use of artificial intelligence may result in unlawful
deprivation of liberty, discrimination, violations of human rights, unauthor-
ised data collection, harm, and unfair decisions. Therefore, the question of
liability arises for legitimate reasons. In other words, questions may be
raised concerning criminal and civil liability. Since this analysis concerns
predictive policing, the focus will be placed on criminal liability.

Although it is more than clear that, under the law of the Republic of
Serbia, there are several criminal offences relevant to the aforementioned
harmful consequences—such as abuse of office under Article 359 of the
Criminal Code (KpuBnunu 3akonuk, 2005) where an official, using data
obtained through artificial intelligence, unlawfully deprives someone of
liberty, conducts a search, or engages in discrimination thereby causing
harm or seriously violating another person’s rights; unlawful deprivation
of liberty under Article 132 of the Criminal Code, where an official, relying
on data generated through artificial intelligence, unlawfully detains a per-
son through abuse of authority; violation of equality under Article 128 of
the Criminal Code, where an official, in the exercise of duties, denies or
restricts human or civil rights on the basis of data derived from Al; and
unauthorised collection of personal data under Article 146 of the Criminal
Code, where an official, in the course of duties, unlawfully obtains, com-
municates, or uses personal data collected, processed, and used on the basis
of law for purposes for which they are not intended—it is evident that prov-
ing these criminal offences when committed through the use of artificial
intelligence may create additional difficulties in practice. This is because it
would be necessary to demonstrate a causal link between the police of-
ficer’s use of artificial intelligence in predictive policing and the conse-
quences prescribed by the relevant criminal offences. In addition to causa-
tion, it is also necessary to establish intent, which further complicates ef-
forts to prove the commission of these offences. Since no prosecutions have
yet been initiated for criminal offences committed through the use of arti-
ficial intelligence in predictive policing, it is possible that the first such
case will reveal additional, as yet unidentified, problems.

Therefore, it is recommended to examine the practices of other
countries, as the views of foreign courts may provide guidance in resolving
certain dilemmas. One of the earliest relevant decisions is the case State v.
Loomis from the United States.® The case concerned a decision of the Su-
preme Court of the State of Wisconsin. According to the indictment, Eric
Loomis was prosecuted for five criminal offences related to a drive-by
shooting in La Crosse. He denied involvement in the shooting; however,

6 State v. Loomis, 881 N.W.2d 749 (Wis. 2016)
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he admitted that earlier that evening he had driven the vehicle used during
the shooting, which led him to plead guilty to two counts—attempting to
flee from a traffic officer and operating a motor vehicle without the owner’s
consent. A member of the Wisconsin Department of Corrections included
in the Presentence Investigation Report (PSI) a risk assessment generated
by COMPAS (Correctional Offender Management Profiling for Alterna-
tive Sanction). The risk of recidivism is evaluated on the basis of an inter-
view with the offender and information from the offender’s criminal his-
tory, while the functioning of the algorithm is a trade secret. The trial court
relied on the risk assessment when determining the sentence, ultimately
sentencing Loomis to six years of imprisonment and five years of extended
supervision (State v. Loomis, 2017, p. 1531).

In his appeal, Loomis argued that reports based on COMPAS soft-
ware are relevant only to certain groups, while the methodology used to
generate the reports is a trade secret, and that the court violated his right to
an individualised sentence and his right to be sentenced on the basis of
accurate information. It is also important to note that, according to
Loomis’s claim, the trial court considered gender when determining the
sentence, because gender was taken into account by the software as a factor
increasing the risk of reoffending (State v. Loomis, 2017, pp. 1531-1532).

The Wisconsin Supreme Court dismissed the convicted defendant
Loomis’s arguments regarding due process. As for the question of individ-
ualised sentencing, it is undisputed that COMPAS provides raw recidivism
data for a group of individuals whose characteristics are similar to those of
the defendant. At the same time, the Court emphasised the importance of
individualisation when determining a sentence. Nevertheless, the Supreme
Court concluded that the COMPAS risk assessment did not represent the
sole circumstance considered in sentencing, because a judgment that takes
COMPAS into account would still remain sufficiently individualised,
given the existence of numerous other factors that may influence whether
a sentence is more or less severe. This means that judges who rely on risk
assessments must explain the factors—apart from the assessment itself—
that support the imposed sentence. Every court has the discretionary au-
thority, provided it has the necessary information, to disagree with the as-
sessment when appropriate in the specific case (State v. Loomis, 2017, pp.
1531-1532).

The Court also addressed the defendant’s claims concerning the ac-
curacy of the information, emphasising that COMPAS uses only publicly
available data and data provided by the defendant, and that Loomis had the
opportunity during the proceedings to dispute any piece of information
used in preparing the report. Furthermore, the Court affirmed the judgment
by rejecting Loomis’s argument that gender was used as an aggravating
factor in sentencing, stressing that the use of gender as a factor in the risk
assessment served a non-discriminatory purpose of promoting the accuracy
of the software-generated data (State v. Loomis, 2017, p.1532).
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Although the decision of the Wisconsin Supreme Court was that the
use of COMPAS was lawful, legal experts pointed out that the Court ex-
amined the source code of COMPAS rather than its input and output data,
thereby creating the basis for the conclusion that COMPAS was constitu-
tionally compliant. In other words, the Supreme Court focused on the ques-
tion of whether it was necessary to disclose the algorithm’s source code,
since the defence could not verify how the system predicted whether an
individual would reoffend. It is evident that COMPAS assessed African
Americans as being at a higher risk of recidivism, but this occurred because
of the input data. This leads to the conclusion that it is more important to
analyse the input data than the source code itself, because it is precisely
input data that generates hidden bias.’

In addition, a particular problem lies in the fact that it is considered
that a detailed examination of COMPAS would likely reveal that it is even
more biased than a judge. Namely, COMPAS is not necessarily less biased
than a judge, because the algorithm itself reflects the biased input data on
which it is based. Contemporary studies of fairness metrics applied to
COMPAS (e.g., Statistical Parity Difference, Disparate Impact, Equal Op-
portunity Difference) show that the algorithm does not meet standards of
group fairness, exhibiting significant racial disparities in recidivism pre-
dictions, which calls for additional measures to enhance transparency and
reduce bias (Farayola et al., 2025). If the algorithm is not monitored and
corrected, it will certainly not only maintain existing prejudices, but even
reinforce them. This means that judges still have an advantage, as they can
individualise each case and detect complex causal relationships®.

Another suggestion concerned the idea that the application of algo-
rithms such as COMPAS in the judicial system requires that their creators
be subjected to the same standards as other actors in the system. In other
words, programmers, as the creators of the algorithm, should meet the same
high ethical and legal standards that we apply to other actors in the criminal
justice system (prosecutors and judges)’.

Although controversial, the decision of the Wisconsin Supreme
Court represents an indication of the types of dilemmas that may arise in
practice, as well as the way in which they may be resolved, because every
algorithm used for predicting criminal behaviour is based on the same prin-
ciples and has potentially the same shortcomings. In this regard, it is nec-
essary to work on correcting these shortcomings in the coming period.

In addition to the aforementioned court decision, it is important to
mention the activities of the European Union in the field of artificial intel-
ligence. Namely, among EU officials, the idea emerged of the need to reg-

7 Retrieved: 8. Avgust 2025, from: https:/jolt.law.harvard.edu/digest/algorithmic-due-
process-mistaken-accountability-and-attribution-in-state-v-loomis-1

8 Ibidem

% Ibidem
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ulate artificial intelligence in order to ensure better conditions for the de-
velopment and use of this innovative technology. Thus, in April 2021, the
European Commission proposed the first EU law on artificial intelligence.
After lengthy negotiations, the European Parliament adopted the final text
in March 2024, while the Council of the EU gave its final approval in April
2024. This formally enacted Regulation (EU) 2024/1689 of the European
Parliament and of the Council of 13 June 2024 laying down harmonised
rules on artificial intelligence and amending certain Union legislative acts.
Among experts, this act is commonly referred to as the Artificial Intelli-
gence Act.

If we were to observe this act through the lens of predictive policing,
we could state that Article 14 concerns human oversight over high-risk sys-
tems. In order to properly understand Article 14, it is necessary to empha-
sise that the act classifies Al systems, based on the so-called ‘risk-based’
approach, into four categories: unacceptable (prohibited), high-risk, lim-
ited-risk, and minimal-risk'®. It is undoubtedly the case that artificial in-
telligence used as a basis for predictive policing falls under the category of
high-risk systems. Therefore, high-risk artificial intelligence systems, as
prescribed by Article 14 of the Act, must be designed and developed in
such a way—including with appropriate human—machine interface tools—
that natural persons can effectively supervise them during the period in
which they are in use. At the same time, the purpose of human oversight is
to prevent or minimise risks to health, safety, or fundamental rights that
may arise when a high-risk artificial intelligence system is used in accord-
ance with its intended purpose or under conditions of reasonably foreseea-
ble misuse. This applies particularly where such risks continue to exist de-
spite the application of other requirements laid down in this section. As for
the oversight measures, they must be appropriate to the risk, the level of
autonomy, and the context in which the high-risk artificial intelligence sys-
tem is used!!.

As types of measures that may be applied, the Regulation mentions
a measure identified and embedded by the provider, when technically fea-
sible, in the high-risk artificial intelligence system before it is placed on the
market or put into use. Additionally, one of the measures refers to the pro-
vider, who is responsible for identifying it before the high-risk artificial
intelligence system is placed on the market or put into use, and which it is
appropriate for the deployer to implement. It is important to emphasise that
one or more types of measures may be applied. Furthermore, the supervi-
sory person must be enabled, as necessary and proportionate, to correctly
understand the relevant capacities and limitations of the high-risk artificial
intelligence system, and must be able to properly monitor its operation,

10 Retrieved: 19. Avgust 2025, from: https:/digital-strategy.ec.europa.eu/en/policies/
regulatory-framework-ai
1 Retrieved: 19. Avgust 2025, from: https://artificialintelligenceact.eu/article/14/
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including detecting and addressing anomalies, malfunctions, and unex-
pected performance. The supervisory person must also be aware of the pos-
sibility of so-called automation bias, particularly for high-risk artificial in-
telligence systems used to provide information or recommendations for de-
cisions to be made by natural persons, which includes artificial intelligence
systems used in predictive policing. Since understanding the results of
high-risk artificial intelligence systems is extremely important, the super-
visory person has the obligation to interpret them correctly, taking into ac-
count the available tools and interpretation methods. Likewise, in any par-
ticular situation, the supervisory person may decide not to use the high-risk
artificial intelligence system. For additional safety, the supervisory person
may intervene in the operation of the high-risk artificial intelligence system
or stop the system using the ‘stop’ button.'2

Finally, it is prescribed that for high-risk artificial intelligence sys-
tems, the above measures must ensure that, moreover, the deployer does
not take any action or make any decision based on an identification gener-
ated by the system unless that identification has been specifically verified
and confirmed by at least two natural persons with the necessary compe-
tence, training, and authorisation. The requirement for specific verification
by at least two natural persons does not apply to high-risk artificial intelli-
gence systems used for the purposes of law enforcement, migration, border
control, or asylum, where Union or national law considers the application
of this requirement to be disproportionate.

The prescribed measures provide significantly better control over
high-risk artificial intelligence systems, but for such measures to be imple-
mented, the supervisory person must possess expert knowledge of how ar-
tificial intelligence systems function. Engaging such experts to work within
an internal affairs authority must be accompanied by adequate financial
compensation, which in practice may represent a major challenge. In other
words, engaging such experts requires offering appropriate salaries. This
may be a problem for economically weaker states, such as the Republic of
Serbia, which ultimately increases the risk associated with the use of such
artificial intelligence systems.

PREDICTIVE POLICING IN THE REPUBLIC OF SERBIA

As leading countries in the field of artificial intelligence have made
significant progress in implementing Al in predictive policing, and as in-
ternational organisations have established a normative framework, the
question rightly arises whether the Republic of Serbia has begun applying
artificial intelligence within the work of internal affairs authorities. In con-
nection with this, another question emerges: if the internal affairs authori-

12 Ibidem
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ties do use artificial intelligence, do the competent courts take into account
Al-based predictions regarding recidivism when applying Article 54 of the
Criminal Code within the general rules on sentencing?

Providing an answer to the first question requires an analysis of the
normative framework—the Law on Police (3akon o monwmmuju, 2016), the
Law on Records and Processing of Data in the Field of Internal Affairs (3akon
0 €BUJICHITMjaMa 1 00paJIH IoJlaTaka y 00JIacTH yHY TPallbHUX 1ocioBa, 2018),
and the Law on Personal Data Protection (3akoH O 3alITUTH MoOjaTaKa o
mmynocty, 2018). Under the Law on Police, Article 24(1) prescribes that the
Police Directorate shall develop a strategic assessment of public security in
cooperation with the organisational unit responsible for strategic planning.
Articles 25(2) and 25(3) stipulate that the tasks of a police administration
include developing an operational assessment of public security in
accordance with the act referred to in Article 24(1) of that Law, and adopting
an operational plan of the police administration in accordance with the act
referred to in Article 24(2) of that Law. Likewise, it should be emphasised
that the legislator, within the types of police tasks listed in Article 30,
recognised the need to include crime prevention and the improvement of
community safety as one of these tasks (Dimovski, Gruji¢, 2024, p. 81).

In addition to the Law on Police, as already noted, the Law on Rec-
ords and Processing of Data in the Field of Internal Affairs is also signifi-
cant. Considering its provisions through the lens of data processing for de-
cision-making related to crime prevention, Article 21 should be mentioned.
Article 21 prescribes the keeping of an event record. This event record con-
tains: (1) a description of the event, the reporting level, and the classifica-
tion of the event; (2) the location of the event (city, street, intersection,
house number, entrance, floor, information on the location, GPS coordi-
nates, road, road kilometre, meter of the road, border crossing, border
marker, navigable waterway kilometre, location, specific location name,
security sector, traffic sector, and the locally competent organisational unit
of the Ministry); (3) the date and time of the event and the time the notifi-
cation was received; (4) the reporting level and classification of the event;
(5) the name, surname, address, and contact information of the person who
reported the event; (6) the name and surname, personal identification num-
ber, address, and contact information of the person involved in the event;
and (7) information on the police officer or member of the fire and rescue
unit who received the notification or participated in the intervention. Alt-
hough not all of this data is relevant when creating a crime prevention plan,
it should be emphasised that proper maintenance of the event record is an
essential prerequisite for correctly understanding the dynamics of criminal
activity and for undertaking preventive measures. Based on the above, it
can be stated that the legislator has recognised the need for collecting and
analysing data on committed criminal offenses.
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Regarding the Law on Personal Data Protection, it should be em-
phasised that, pursuant to paragraph 1 of Article 3, it also applies to the
processing of personal data carried out, in whole or in part, by automated
means. In this regard, the legislator has provided in Article 5 that personal
data must be based on the principles of lawfulness, fairness, transparency,
purpose limitation, data minimisation, accuracy, storage limitation, integ-
rity, confidentiality, and accountability. Although data minimisation is pre-
scribed as one of the principles on which the legal text rests, the question
arises as to whether the application of algorithms used for predictive polic-
ing would be in accordance with this principle, bearing in mind that data-
bases on (potential) perpetrators of criminal offenses contain a large
amount of data.

The legislator provided in Article 9 that a clear distinction must be
made between data concerning different categories of persons whose data
is being processed: persons for whom there are grounds for suspicion that
they have committed or intend to commit criminal offenses, persons for
whom there is reasonable suspicion that they have committed criminal of-
fenses, persons convicted of criminal offenses, persons harmed by a crim-
inal offense or persons presumed to be at risk of being harmed by a criminal
offense, and other persons connected with a criminal offense, such as wit-
nesses, persons who may provide information on the criminal offense, as-
sociated persons, or accomplices of the persons listed in items 1) to 3) of
this Article. Namely, when processing data concerning these persons for
special purposes, the competent authority is obliged, where possible, to
make a clear distinction between data related to each category of persons
whose data is being processed. We take the view that it is beneficial that
the legislator prescribed maintaining separate records for each of these cat-
egories, as this serves to protect their rights.

It is important to establish the conditions under which the lawful
processing of personal data is permitted. Thus, the processing of personal
data is lawful, among other things, when processing is necessary for the
performance of a task carried out in the public interest or in the exercise of
official authority vested in the controller (paragraph 1, item 5 of Article
12). At the same time, Article 17 prohibits the processing that reveals racial
or ethnic origin, political opinions, religious or philosophical beliefs, or
trade union membership, as well as the processing of genetic data, bio-
metric data for the purpose of uniquely identifying a person, data concern-
ing health, or data concerning the sex life or sexual orientation of a natural
person. Accordingly, the question arises whether such a legal solution
would be compatible with existing algorithms used for predictive policing.
On the other hand, we must be aware that disclosing such data could lead
to discrimination, which may result in the commission of certain criminal
offenses.

A particular problem regarding the full implementation of predictive
policing relates to the rights of the data subject. A citizen has the right to
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receive from the controller, in a concise, transparent, intelligible, and easily
accessible form, using clear and plain language, all information relating to
data processing. The information may be provided in written or other form,
including electronic form, if appropriate. If the data subject requests it, the
information may be provided orally, provided that the identity of the person
is unquestionably established. The legislator distinguishes two situations—
when personal data is collected from the data subject (Article 23) and when
personal data is not collected from the data subject (Article 24). In the first
case, the controller is obliged, at the moment of collecting the personal
data, to provide the data subject with information on the identity and con-
tact details of the controller and its representative, if one has been ap-
pointed. Likewise, the controller must provide contact information for the
data protection officer, if appointed, information on the purpose of the in-
tended processing and the legal basis for the processing, as well as infor-
mation on the recipient or categories of recipients of the personal data, if
they exist. This situation applies in cases where data that would be used to
assess recidivism is collected through direct conversation with a specific
person, as in the example mentioned from the United States.

Regarding the second situation, the controller is obliged to provide
the data subject with the following information: the identity and contact
details of the controller and its representative, if one has been appointed;
the contact details of the data protection officer, if one has been appointed;
the purpose of the intended processing and the legal basis for the pro-
cessing; the type of data being processed; and information on the recipient
or categories of recipients of the personal data, if they exist. However, in
both situations, the controller is obliged to provide the data subject with
additional information necessary to ensure fair and transparent processing
in relation to the data subject.

The right of access to information may be restricted under condi-
tions prescribed by law (Article 28). Full or partial restriction of the right
of access to information may occur if it is necessary and constitutes a pro-
portionate measure in a democratic society, while respecting the funda-
mental rights and legitimate interests of the data subject, in order to: (1)
prevent interference with official or legally regulated information collec-
tion, investigations, or procedures; (2) enable the prevention, investigation,
and detection of criminal offenses, the prosecution of perpetrators, or the
execution of criminal sanctions; (3) protect public security; (4) protect na-
tional security and defence; and (5) protect the rights and freedoms of other
persons. Based on these grounds for restricting the right of access, it fol-
lows that this right would be restricted for a given individual in the event
of the application of artificial intelligence in predictive policing.

Particular attention must be paid to Article 38, which provides that
the data subject has the right not to be subject to a decision based solely on
automated processing, including profiling, if such a decision produces legal
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effects concerning that person or significantly affects that person’s posi-
tion. If this article is viewed through the lens of artificial intelligence and
predictive policing, it may be concluded that if an algorithm assesses the
risk of recidivism or the likelihood of committing a criminal offense—
which is indeed the case—the provision prevents the use of the algorithm
for such purposes when the decision is based solely on automated pro-
cessing. The legislator has also prescribed several exceptions, namely,
when such automated processing is necessary for entering into or perform-
ing a contract between the data subject and the controller; or when it is
based on law, provided that the law prescribes appropriate measures for
protecting the rights, freedoms, and legitimate interests of the data subject;
or when it is based on the explicit consent of the data subject. In our case,
only the second exception is relevant. Although the legislator has provided
additional safeguards under the first and third exceptions—such as the par-
ticipation of a natural person under the controller’s authority in decision-
making, the right of the data subject to express their view regarding the
decision, and the right to challenge the decision before the controller’s au-
thorised person—these safeguards do not apply when automated pro-
cessing is based on a special law, which would likely be the case in the
context of predictive policing. This means that the position of a person
whose risk of recidivism or committing a criminal offense in a specific area
is being assessed would be deprived of these safeguards, while human
oversight of such algorithms is an obligation under the EU Artificial Intel-
ligence Act.

On the other hand, Article 39 prohibits competent authorities, when
acting for special purposes, from making decisions based solely on auto-
mated processing, including profiling, if such a decision may produce ad-
verse legal effects concerning the data subject or significantly affect that
person’s position, unless the decision is based on law and the law pre-
scribes appropriate measures to protect the rights and freedoms of the data
subject, at minimum ensuring the participation of a natural person under
the controller’s authority in the decision-making process. Nevertheless, Ar-
ticle 40 establishes certain limitations, provided that they do not affect the
essence of fundamental rights and freedoms and that they constitute a nec-
essary and proportionate measure in a democratic society for the protec-
tion, among other things, of the prevention, investigation, and detection of
criminal offenses, the prosecution of perpetrators of criminal offenses, or
the execution of criminal sanctions, including the prevention of and pro-
tection against threats to public safety.

Likewise, the role of the Commissioner in the implementation of the
law should not be overlooked. It is sufficient to mention Article 78 and
conclude that the Commissioner has the authority to supervise the applica-
tion of the law, impose measures, and issue warnings regarding unlawful
processing. If his powers are viewed through the lens of predictive polic-
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ing, the Commissioner would have to be granted access to algorithms and
data in order to verify legality.

The second question raised at the beginning of this chapter concerns
the application of Article 54 of the Criminal Code. Specifically, the court
shall determine the punishment for the perpetrator of a criminal offense
within the limits prescribed by law for that offense, taking into account the
purpose of punishment and considering all circumstances that affect
whether the punishment should be mitigated or aggravated (mitigating and
aggravating circumstances), particularly: the degree of guilt, the motives
for committing the offense, the extent of endangerment or violation of the
protected legal interest, the circumstances under which the offense was
committed, the offender’s prior life, his personal circumstances, his con-
duct after the commission of the criminal offense, especially his attitude
toward the victim, as well as other circumstances relating to the offender’s
personality. A correct answer to this question requires an analysis of Arti-
cle 55 of the Criminal Code, according to which, if the perpetrator of an
intentional criminal offense has previously been convicted for an inten-
tional criminal offense, the court shall consider that fact as an aggravating
circumstance, provided that five years have not elapsed since the previous
conviction or since the execution of the sentence. By analysing the existing
provisions of the Criminal Code, we may conclude that there is no norma-
tive basis for excluding the consideration of potential recidivism projected
by an algorithm as an aggravating circumstance when determining the pun-
ishment.

CONCLUSION

Artificial intelligence has made a significant leap in the way such
systems function, enabling their application in areas where this was until
recently unimaginable. It is rightly expected that the role of artificial intel-
ligence in combating crime will continue to grow, even though certain
problems exist at this moment. Therefore, it is necessary to work on elim-
inating these problems in order to fully utilise the potential that artificial
intelligence brings. Whether these problems will indeed be resolved re-
mains uncertain, but it is evident that states around the world, as well as
certain international organisations, have undertaken measures aimed at cre-
ating a normative basis for its application in various fields, including pre-
dictive policing. Only its full implementation in the future can provide a
sound basis for properly assessing the benefits of using artificial intelli-
gence for crime prevention.

On the other hand, one should not remain passive and fail to work
on improving the normative framework, because the progress—occurring
daily—in the performance of artificial intelligence will not wait for legis-
lators to adopt the necessary regulatory acts. Establishing a sound norma-
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tive foundation requires the involvement not only of members of national
parliaments but also of artificial intelligence experts, since only synergistic
efforts can eliminate as many potential problems as possible.

In conclusion, it should be emphasised that the increased use of al-
gorithms for assessing recidivism creates a serious problem with regard to
individual criminal responsibility. The fundamental concept of criminal
law is that it is based on subjective guilt, which is determined in judicial
proceedings on the basis of established facts. On the other hand, algorithms
such as COMPAS operate in a completely different manner. These algo-
rithms base their assessments on the future, predicting what a particular
individual might do based on statistical patterns derived from past data. In
such a situation, the defendant is transformed into an object whose future
behaviour is evaluated by an algorithm. In some jurisdictions, the algo-
rithm’s assessment is used as a basis for imposing harsher sentences,
thereby leading to a de-individualisation of punishment. It is precisely in
this that the greatest danger of the broader use of recidivism risk assessment
algorithms lies.
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NPEJUKTUBHO NOJUINIJCKO NIOCTYHAIBE U
BJIAJJABUHA ITPABA: PUBUIIUA JUTUTAJTHOI'
MPOPU/INCAIBA Y IPUMEHU 3AKOHA

Hapko Jumosckn', Besbko Typamanun?, 3apasko Ipyjuh’

'Vuusepsurer y Huuy, TlpaBuu pakynrer,

[paBocyxuu uctpakuBauky nenrap, Hum, Cpouja
>Vuugepsurer y Kparyjesity, [Ipasuu dakynrer, Kparyjesan, Cpouja
TIpaBuu pakyareT YHUBEP3UTETa Y MUTPOBUIIM, €4 IPUBPEMEHMM CEIUIITEM
y Kocosckoj Mutposunu, Kocoscka Mutposuria, Cpouja

Pe3ume

CaBpeMeHa MOJNUIMjCKa MTpaKca CBE BHIIE TOYHBA HA MPEIUKTUBHUM TEXHOJIOTH-
jama — codTBeprMa Koju Ha OCHOBY HCTOPH]CKUX IT0JjaTaKa 0 KpUMUHAITY, TE0IOKaIH-
ju, T1a 9aK 1 HojiaTaka ca IpyIITBEeHHX Mpexa ITOKyIIaBajy aa npeasuse rae he ce, kaga
Y KO OM MOrao IMOYMHUTH KpUBUYHO aeno. OBakaB, caBpeMeHU HauMH paza ce Beh yBe-
JIMKO TIPHMEbYje O/ CTpaHe MOjeJHUX MOIHIH]CKUX yrpaBa. /IoBoJbHO je HaBecTH Yn-
Karo, Jloc AHhenec, anu u mojenuHe eBPOIICKE IPaioBe Kako O ce MIyCTpoBaja yImo-
Tpeba NPEeANKTOBHOT MOJMIHM]CKOT MOCTyNama. Mako ce cMaTpa peBOIyLHOHAPHUM,
OBaj HaYMH pajia 0TBapa J10CTa NHUTamba, HEAOYMHUIIa H KOHTpoBep3u. CTora, je Heol-
XOJHO Ha CBa ITUTama IMOKYIIAaTH JaTH OATOBOP jep je caMo Tako Moryhe BpIIuTH mpe-
BEHIIH]y BpLICHa KPUMUHAINTETA, Ca jeJHe CTpaHe, U 3aIlTHTH JbY/ICKa IIpaBa, ca JIpy-
re cTpaHe. butHo je ncrahu 1a npeMKTUBHO MOJMIMjCKO MOCTYTIAkEe YeCTO ojadaBa
nocrojehe ApyImTBEeHe Ipeipacy/e, ITo pe3yITHpa TOMe Jia MOJHIHja ycMepaBa CBOj
pan Ka 'pu3HYHUM' KaTeropHjamMa CTAHOBHUINTBA. Ha Taj HaunH ce KpUIu NpeTnocTaBKa
HEBHHOCTH, TIpaBa Ha IPUBATHOCT U Hauesa jeAHaKOCTH mpe 3akoHoM. ITopen oBora,
MOCTaBJba CE MUTAKE Y BE3U TPAHCIIAPEHTHOCTH ajropurama. HecyMmHBO je 1a je Be-
huna codTBepa, Koju MPEACTaBIbajy OCHOBY NMPEIUKTUBHOT ITOJUIN]CKOT MOCTYIamka,
MPOU3BOJ] NPUBATHNX KOMMaHuja. TUMe ce oJ1a3u 10 Tora Jia KOMIaHHUje ITHTE auro-
pHUTaM THUME IITO ra MpOTJIaliaBajy MOCIOBHOM TajHOM. Ha Kpajy yKOJNHKO MOJHIHja
MHTCH3UBHHUje KOHTpOIHUILE oapeheHo MoApyYje caMo 3aTo LITO je aIropuTaM 03HAuHo
kao 'Bpyhy Tauky', ayromarcku pacte 6poj eBUASHTHPAHUX JIeNa, IITO JOAATHO 'XpaHu'
ITOPHUTAM M CTBapa 3a4apaHd KpyT. AyTopu y pany aHanm3upajy ciydaj CCrraarrtee
BB. Jloooommunce (2016) y kojem je o cTpaHe cyaa ynorpedsbeHa MpenuKIja KpHu-
MHUHAJHOT ITOHAIIamka Kao oTexaBajyha okomHOCcT. C TUM Yy Be3W MOCIEABH A0 paga
nocsehieH je ynotpedu npeTuKTHBHOT MOJUIIN]jCKOT MocTymnama y Perryommu Cpouju,
NpH YeMy ayTOpH MOKYIIaBajy Jia 0JroBOpe Ha II0CTaBJbeHA MTUTakba y BE3H TOTa Ja JIN
je Peny6nuka Cp6Ouja moyena ca IpMMEHOM BeLITauKe MHTEIUTEHIM]e y paay opraHa
YHYTpAIIBHX MOCIOBA U J1a JIM HAAJICKHU CYJIOBH y3UMajy NMPEIUKIH]y BEIITauyKe HH-
TENUTeHIIMje Y MOTJIely peLUIMBN3Ma Kao OTeXaBajyhu OKOJIHOCT KO OIITHX MTPaBH-
Ja 0 0JMepaBamy KazHe.



